
 

 

 

Volume 14, Issue 5, May 2025 

Impact Factor: 8.807 



International Journal of Advanced Research in Electrical, Electronics and Instrumentation Engineering (IJAREEIE)  

                           | e-ISSN: 2278 – 8875, p-ISSN: 2320 – 3765| www.ijareeie.com | Impact Factor: 8.807 | A Monthly Peer Reviewed & Refereed Journal | 

 || Volume 14, Issue 5, May 2025 ||  

| DOI:10.15662/IJAREEIE.2025.1404001 | 

IJAREEIE © 2025                                                  |    An ISO 9001:2008 Certified Journal |                                                      1451 

 

 

AI Ethics in Legal Decision-Making Bias, 

Transparency, And Accountability 
 

Jelena Vujicic JD 

Legal Researcher with a Focus on Artificial Intelligence, Technology Regulation, and Access to Justice, IL, USA 

 

ABSTRACT: Artificial Intelligence (AI) systems used in legal decision-making processes have created significant 

ethical challenges through their integration, leading to problems with bias and necessitating better transparency and 

accountability measures. This paper investigates the discriminatory effects of algorithmic bias by analyzing AI 

technologies that learn from historical legal datasets containing potential institutional biases. The opacity of AI 

decision-making, referred to as "black-boxed" decisions, creates complex obstacles to achieving both explainable 

judgments and fair outcomes. The article examines the absent responsibility structure that arises when legal 

practitioners utilize AI systems, as it complicates the identification of responsible parties for unfair and erroneous 

decisions. The author advocates for the development of a robust ethical framework to regulate AI applications in 

judicial systems, presenting real-world examples and analyzing current regulatory practices. The latent goals include 

building trust while safeguarding the principles of justice to ensure technology remains aligned with fundamental legal 

elements. 
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I. INTRODUCTION 

 

Modern legal systems experience a major technological evolution through their Artificial Intelligence (AI) integration 

which influences judicial processing methods as well as analytical and enforcement activities. The legal sector across 

different nations incorporates AI tools to process documents research legal material and support sentencing decisions 

along with automated predictions. AI enthusiasts maintain that artificial intelligence systems both improve operational 

effectiveness and minimize human mistakes while delivering unbiased judgments (Surden, 2019). The positive outlook 

on using AI in law faces increasing challenges from ethical problems about algorithmic biases together with systems' 

lack of transparency and the need for greater accountability. 

 

Algorithmic bias represents a core problem that stands as the primary moral obstacle. AI systems find their limitations  

in their training data since historical patterns of discrimination within the data create outcomes that perpetuate or 

enhance discriminatory practices (Barfield & Pagallo, 2020). Legal systems face major ethical issues when algorithmic 

objectivity fails to prevent the persistence of current systemic injustice. The US-based risk assessment tool COMPAS 

faces criticism because it shows Black defendants being flagged as high risk at higher rates than white defendants 

(Angwin et al., 2016). 

 

Transparency emerges as a crucial matter because systems currently lack it. AI systems work as "black box" entities 

because their operational algorithms remain impenetrable to both legal practitioners and other users who need to 

understand them. The inability to understand how these systems work directly endangers the fairness and due process 

standards that govern our justice system. A defendant's sentence becomes illegitimate when an opaque algorithm 

influences outcomes since its internal operations remain inscrutable to legal professionals and the public (Wachter, 

Mittelstadt, & Floridi, 2017). 

 

Philosophically speaking the matter of responsibility proves equally important in this discussion. Judicial missteps 

emerge from AI prediction failures together with discriminatory biases which leads to questions about liability 

responsibilities. Due to AI-assisted legal decision-making who bears responsibility between the judge and software 

developer and the institution which implemented the technology? Lack of responsibility diffusion in AI-driven legal 

decisions makes it difficult to identify who bears legal liability so it creates confusion in regulatory frameworks (Calo 

2015). 
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The key ethical issues that involve bias transparency and accountability have been compared in Table 1 below to show 

their specific impacts on genuine legal situations. 

 

Table 1: Ethical Challenges of AI in Legal Decision-Making 

 

Ethical 

Concern 

Description Real-World Example Implications 

Bias Algorithmic unfairness due to 

biased training data 

COMPAS tool showing racial 

bias in risk assessment 

(Angwin et al.) 

Discriminatory sentencing; 

erosion of public trust in the 

system 

Transparency Lack of explainability in how 

decisions are made 

Proprietary AI algorithms in 

court sentencing 

Undermines due process and the 

right to challenge legal 

outcomes 

Accountability Difficulty in determining 

responsibility for AI-influenced 

decisions 

Ambiguity in liability between 

judges, developers, and 

institutions 

Legal loopholes; weak 

enforcement of ethical 

standards 

 

AI applications in legal decision-making processes generate instant and major ethical issues that impact justice delivery 

and protect both fairness and civil liberties. AI's worldwide adaptation into judicial systems demands the prompt 

development of regulatory frameworks that protect responsible use. This research investigates the three core ethical 

standards of bias, transparency, and accountability by providing both evaluative assessments and actionable solutions 

for protecting AI-based legal systems. 

 

II. LITERATURE REVIEW 

 

Psychologists and academics have extensively researched artificial intelligence applied to legal decisions because of 

growing concerns about this developing technology's ethical implications. A cluster of essential elements such as 

algorithmic bias together with transparency issues and accountability lapses now requires both scholarly research and 

regulatory intervention to address their ethical implications. 

 

1. Algorithmic Bias in Legal AI 

Academic debates about AI bias remain paramount in discussions about how AI affects law enforcement agencies and 

their work in sentencing pronouncements and predictive policing operations. Eubanks (2018) demonstrates how 

automated systems create the same discrimination against minorities they intended to address when training algorithms 

using past discriminatory data. The use of criminal past data in sentencing algorithms results in uneven penalties 

against specific minority communities which creates an ongoing criminal outcome cycle. 

Angwin et al. (2016) conducted a pathbreaking investigation of the COMPAS (Correctional Offender Management 

Profiling for Alternative Sanctions) algorithm which demonstrated that the system incorrectly forecasted higher rates of 

defendant relapse among Black defendants but lower rates among white defendants. Widespread experts observe racial 

bias as proof of fundamental problems within automated legal systems. 

 

Table 2: Scholarly Perspectives on Bias in Legal AI Systems 

 

Author(s) Key Finding Recommendation 

Angwin et al. 

(2016) 

COMPAS showed racial bias in recidivism prediction Audit and regulate algorithmic 

fairness 

Eubanks (2018) Automated systems can reinforce inequality, especially for 

low-income groups. 

Use inclusive and representative 

datasets. 

Barocas & Selbst 

(2016) 

Bias arises not only from data but also from design 

choices in algorithmic models. 

Promote ethical design and testing 

standards. 

 

2. Transparency and the "Black Box" Problem 

The ability to understand and interpret automated system outputs constitutes another central concern known as 

transparency. The legal sector faces challenges regarding transparency because most AI models were developed by 

private entities that protect their algorithms' core functionality (Wachter, Mittelstadt, & Floridi, 2017). The inability to 

see inside AI systems creates what specialists call the "black box" problem which damages both public trust along 

judicial legitimacy. 
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Doshi-Velez and Kim (2017) maintain explainable AI systems hold crucial importance in domains with critical 

consequences like criminal justice which involve denying people their freedom. The authors support two mutually 

beneficial approaches: the development of interpretable learning algorithms or the minimum requirement of post-

analysis explanations to verify AI-driven decisions. 

 

Transparency poses dual technical legal and philosophical thresholds that need to be addressed. The principles of 

procedural justice break down as users of automated systems lose their ability to effectively challenge decisions when 

these systems maintain opaque behavior according to Citron and Pasquale (2014 

). 

Table 3: Approaches to Improving Transparency in Legal AI 

 

Approach Description Limitation 

Interpretable Machine 

Learning 

Algorithms designed to be understandable by 

humans 

May sacrifice predictive accuracy 

Post-Hoc Explanation 

Models 

Explaining decisions after the fact using surrogate 

models or visualizations 

May be misleading or overly 

simplified 

Legal Mandates for 

Transparency 

Requiring disclosure of algorithmic logic and data 

sources 

Faces resistance from commercial 

stakeholders 

 

3. Accountability in AI-Assisted Legal Decisions 

When AI systems fail it becomes necessary to determine which entity holds accountability for these failures. The 

traditional judicial system bestows both decision-making ability and accountability responsibilities to legal 

professionals including judges. The delegation of decisions made by AI systems to other systems produces a complex 

chain of management responsibility. 

 

The entrance of AI technologies into legal frameworks creates an abstracted responsibility picture according to Calo 

(2015). According to Elish (2019) the "moral crumple zone" leads human operators to accept responsibility for machine 

failures beyond their control. Judges often accept AI recommendations they don't completely understand and 

developers disclaim legal responsibility because they lack specialized legal expertise. 

Academic researchers have developed multiple theories to handle shared accountability problems. The governance 

framework proposed by Dignum (2018) establishes a joint accountability system between programming teams 

developers institutional parties and end users. The method attempts to establish an equilibrium between developing new 

solutions and maintaining ethical standards together with following legal requirements. 

 

Summary 

AI shows immense potential to transform legal systems yet its adoption requires treating its substantial ethical problems 

with immediate attention. Empirical research combined with investigative journalism and theoretical analysis confirms 

the real existence of these ethical concerns. All three critical issues concerning bias, transparency, and accountability 

intersect critically with each other and need unified solutions that incorporate diverse fields of knowledge and intense 

technological development. 

 

III. METHODOLOGY 

 

The research applies a qualitative interdisciplinary method that blends legal study with ethical theory and case-based 

empirical analysis. Artificial intelligence (AI) technologies impact legal decision processes through an analysis that 

prioritizes ethical matters related to discrimination and data transparency as well as responsibility metrics. 

 

1. Research Design 

Empirical evidence complements the analytical framework used for this research which follows normative methods. 

The normative evaluation segment determines standards for the ethical use of AI systems by laws and the analytical 

segment reviews existing case records and real-life AI judicial deployments. This dual approach is aligned with 

methodologies recommended by Binns (2018) 

 

2. Data Sources and Materials 

The study obtains its data from three distinctive sources to establish a comprehensive analysis: 
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3. Analytical Framework 

The research implements a three-dimensional ethical analysis structure that evaluates: 

 

• Bias Assessment: This evaluation involves both identifying and analyzing any unjust effects combined with 

discriminatory outcomes produced by AI tools. This method traces the roots of datasets while evaluating their 

sample coverage and detects feedback systems that perpetuate previous forms of inequality (Barocas & Selbst, 

2016). 

• Transparency Evaluation: The evaluation process determines how well the AI systems used in legal applications 

present their internal operations to users and legal practitioners. The analysis factors in decision algorithms as well 

as both logical decision structures simple output understanding and non-technical legal stakeholder access 

(Wachter, Mittelstadt & Russell, 2021). 

• Accountability Mapping: The distribution method of responsibility exists between all parties who create or use 

artificial intelligence systems and those who enforce the law alongside institutions. The analysis investigates both 

AI recommendation transfer protocols and existing legal complaint resolution structures (Calo 2015; Dignum 

2018). Dignum, 2018). 

 

4. Methods of Analysis 

Analysis of these dimensions required the integration of these research techniques: 

• Doctrinal Legal Analysis: A doctrinal legal analysis of existing laws is conducted along with a study of legal 

precedents and codes of conduct to understand AI regulatory environments in judicial practices following 

Goodman & Flaxman (2017). 

• Thematic Coding of Case Studies: Thematic coding of news reports revealed three main issues which included 

racial bias combined with decision-making opacity and attribution difficulties. The approach of thematic coding 

reveals standard patterns between different legal systems and AI deployment methods (Braun & Clarke, 2006). 

• Comparative Policy Analysis: A set of ethical benchmarks analyzed policies between the EU the U.S. and China to 

evaluate regulatory strengths and weaknesses surrounding AI use in legal settings. 

 

Case Studies and Real-World 
Systems: High-profile AI systems 
used in legal contexts—including 
COMPAS in the U.S., HART in 

the U.K., and China's “Smart 
Court” initiatives—are analyzed 
to illustrate real-world challenges 

and outcomes (Larson et al., 
2016; The authors examine 

renowned AI systems used in 
legal systems like U.S. COMPAS 

and U.K. HART together with 
China's “Smart Court” initiatives 

to 

Policy and Regulatory 
Documents: This research 

evaluates the adaptability of 
regulatory systems during AI era 

through analysis of guidelines 
established by the European 
Commission’s High-Level 

Expert Group on AI (2019), the 
OECD, and national legal 

institutions.

Academic Literature: Peer-
reviewed journals together with 

books and conference papers 
from legal studies, computer 

science and philosophy serve as 
the research foundation for the 
study. The research accessed 

relevant materials through 
academic databases JSTOR and 
IEEE Xplore alongside Google 
Scholar and SSRN (Wagner et 

al., 2019).
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5. Ethical Considerations 

Since this research analyzed secondary data without human participants no direct ethical approval was necessary. The 

interpretation of case studies and representation of affected communities received ethical scrutiny through an approach 

that showed heightened sensitivity for systemic discrimination in addition to institutional bias (Eubanks, 2018). 

 

6. Limitations of the Methodology 

The qualitative and interdisciplinary design creates opportunities to explore AI ethics comprehensively yet it brings 

forth specific constraints. These include: 

 

 
 

Scientists addressed these research constraints through multiple data source integration and principle-based analytical 

outcomes. 

 

Table 2 serves as the methodological framework that provides a complete analysis of AI's legal transformations beyond 

efficiency and accuracy by addressing justice and ethical fairness and accountability. 

 

IV. RESULTS 

 

The research combined with case examination and policy examination demonstrates that AI-related ethical concerns 

facing judicial decision systems show persistent systemic patterns across all three research methods. Judicial contexts 

demonstrate clear measurable implications because three main elements—bias, transparency and accountability—
maintain their status as dominant discourse factors. 

 

1. Evidence of Algorithmic Bias 

Research on field-deployed AI technologies demonstrates that algorithmic bias appears systematically throughout 

numerous operational systems. Research shows that Black defendants obtain more inaccurate positive results on the 

COMPAS assessment employed by U.S. courts while white defendants experience more inaccurate negative results 

(Angwin et al., 2016). The HART system at Durham Constabulary in the U.K. demonstrated declining operational 

performance when applied beyond its initial training contexts which raised questions about how well the system would 

adapt to different situations (Oswald et al., 2018). 

 

The research demonstrates that artificial intelligence systems create and enhance historical biases which becomes more 

pronounced when their training data lacks fairness controls. According to Barocas and Selbst (2016) both the selection 

process for features and the data-labeling activities often create human-biased outcomes. 

 

The proprietary 

nature of AI 

systems inhibits 

researchers from 

performing direct 

tests of these 

tools.

Most case study 

illustrations used 

in research 

originate from 

Western 

geographic 

regions.

Technology's fast 

advances might 

make recent 

research findings 

become 

obsolete.
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2. Ongoing Transparency Deficits 

Many legal AI systems maintain an opaque structure that blocks both examination and clarity assessment. A substantial 

amount of commercial AI solutions utilized in judicial proceedings maintain proprietary features by keeping their 

underlying mathematical code inaccessible to the public domain (Wachter, Mittelstadt, & Floridi, 2017). AI 

recommendation systems present such complex challenges to developers that they often struggle to generate adequate 

explanations for their algorithmic outputs (Doshi-Velez & Kim, 2017). 

 

Law professionals together with judges commonly lack sufficient technical knowledge to properly analyze AI outputs. 

AI's performance as a neutral decision system currently leads to dangerous misuse because users accept flawed 

predictions uncritically (Citron & Pasquale, 2014). 

 

3. Diffused Accountability in AI-Driven Judgments 

Research findings point to a widening gap that exists between holding people accountable for AI usage in legal 

contexts. AI-assisted judgments create complex accountability structures because multiple stakeholders such as data 

scientists and software developers alongside public institutions alongside end-users each make substantial contributions 

to final outcomes according to Calo (2015). 

 

Both the United States and China lack standardized legal structures that determine liability in cases where AI-supported 

decisions produce mistaken outcomes. According to Elish (2019), the legal gray area generates a "moral crumple zone" 

where humans face responsibility for systems they did not manage and basic system flaws remain unaddressed. 

 

4. Policy and Governance Shortcomings 

Current efforts to regulate AI through the European Union’s AI Act and OECD AI Principles lack binding force since 

many jurisdictions do not follow them (European Commission, 2021). General AI principles in policies like fairness 

and accountability receive attention in current guidelines but current judicial sector enforcement systems lack practical 

implementation tools. 

 

A small number of nations enforce mandatory auditing procedures alongside impact evaluation systems for AI 

applications that support legal operations. Guidelines operated voluntarily by most authorities prove insufficient 

because their enforcement creates inconsistent results that result in disconnected governance systems while providing 

insufficient safeguarding for vulnerable people (Yeung, 2018). 

 

Table 4: Summary of Key Findings on Ethical Risks in Legal AI 

 

Ethical 

Dimension 

Key Finding Supporting Source Implication 

Bias Racial bias in recidivism predictions; 

contextual inaccuracy 

Angwin et al. (2016); 

Oswald et al. (2018) 

Systematic discrimination 

in sentencing 

Transparency Proprietary black-box models 

dominate; lack of interpretability. 

Wachter et al. (2017); Doshi-

Velez & Kim (2017) 

Erosion of due process and 

legal scrutiny 

Accountability Responsibility is fragmented; no 

legal clarity on liability 

Calo (2015); Elish (2019) Legal gaps in redress and 

procedural fairness 

Policy Gaps Regulations exist but are weak or 

unenforced 

European Commission 

(2021); Yeung (2018) 

Inconsistent protection 

across jurisdictions 

 

The findings highlight the necessity to build both enhanced AI technologies alongside ethical and legal guidelines that 

will regulate AI usage in legal decision-making processes. AI's potential advantages in legal decision-making remain 

outweighed by its dangers because of insufficient deliberate and systematic intervention guidelines. 

 

V. DISCUSSION 

 

This research confirms that artificial intelligence brings practical benefits to legal systems yet its ethical challenges 

regarding bias transparency and accountability continue to generate serious doubts. These interconnected problems 

demand a unified comprehension for AI to function as an enabler rather than a barrier to justice and law enforcement 

systems. 
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1. Bias continues to persist along with increasing sophistication in our systems. 

Algorithmic bias within legal AI systems reveals a basic paradox between the way automated systems operate and 

human expectations of fairness. Deriving their appearance of neutrality from training data that reflects social and 

historical biases these so-called "objective" technologies prove to be methodically influenced by these biases. The 

COMPAS system used historical criminal justice data to reflect and sustain existing racial disparities according to 

Angwin et al. (2016). Barocas and Selbst (2016) proved discrimination can exist throughout algorithmic systems 

because data selection and labeling produce unbiased outcomes even if not intended to discriminate. 

 

The findings from this research establish that algorithmic bias represents both a technological breakdown together with 

major institutional ethical concerns. Effective mitigation of biases needs to surpass mere algorithmic adjustments 

because data governance and inclusion alongside systemic inequality represent fundamental issues that need resolution 

(Eubanks, 2018). Operating without transparency in algorithmic systems creates the danger that unjust results will 

persist by hiding behind efficiency metrics. 

 

2. The debate about transparency continues to grow alongside the challenge of explainable systems. 

Many AI systems currently operate with insufficient clarity which represents an acute challenge to legal systems built 

on explanation and procedural fairness. Numerous popular AI tools operate as "black boxes" according to research 

results which means legal practitioners and affected people find it impossible to understand how decisions get made 

(Wachter, Mittelstadt, & Floridi, 2017). 

 

The lack of explainability presents a test to the basic principle of adversarial law because parties need a complete 

understanding of evidence and reasoning to effectively contest them. According to Doshi-Velez and Kim (2017), 

explainability represents an absolute requirement for high-stakes domains such as the criminal justice system. Existing 

implementations make trade-offs between predictive performance and interpretability thus creating a damaging 

situation where humans cannot examine the system's reasoning path. 

 

The demand for institutional oversight and public trust requires complete transparency which extends beyond singular 

cases. The authors Citron and Pasquale (2014) pointed out that black box solutions protect power misuse while creating 

challenges to notice widespread operational errors. 

 

3. Decision-making systems need established accountability boundaries to protect moral standards. 

AI-assisted legal decision-making sustains structural problems exceeding the ability to track technical flaws. Various 

parties participate in legal outcome decisions shaped by AI tools including tool developers data providers and legal 

experts along with government institutions (Calo, 2015). The human operator receives responsibility for wrong 

decisions even though they can't change how the algorithm functions. Elish (2019) describes this phenomenon as the 

"moral crumple zone" which thrusts human actors into assuming responsibility for systemic or technological failure. 

 

Unregulated responsibility distribution weakens legal accountability while permitting harmful behaviors to go 

unhindered. Incorrect AI decisions create barriers to obtaining fair compensation for people who suffer from mistakes 

made by AI systems. The absence of clear responsibility assignment makes legal compensation impossible to pursue 

thus leaving victims who experienced algorithmic injustice with minimal access to justice. 

 

4. Fragmented Policy and Governance Approaches 

The analysis shows that worldwide policy responses continue to display fragmented implementation alongside 

inconsistent regulation while largely operating through immediate reaction measures. The proposed AI Act from the 

EU and the principles from the OECD serve as important foundations for responsible AI governance but most countries 

do not comply with them or they are non-binding laws (European Commission, 2021). Awards minimal attention in 

regulatory frameworks toward legal sector applications because these programs pose distinct risks that threaten civil 

liberties by their very nature. 

 

The present frameworks lack regulatory teeth and rely on self-generated compliance to achieve ethical conduct after 

Yeung (2018). Scholar Dignum (2018) promotes a co-responsibility model which requires ethics and legal 

accountability for every actor throughout Artificial Intelligence development from start to finish. 

 

5. Interconnection of Ethical Issues 

This exploration reveals that bias issues and transparency and accountability problems remain interconnected problems. 

Systems become more difficult to spot when they are not transparent and lack accountability so biased and opaque 
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systems persist unchecked. These interconnected factors show that we require unified approaches that combine 

algorithmic auditing duties with design transparency standards and active responsibility mandates. 

 

A procedural approach requires law systems to treat technological tools as socio-technical structures which contain 

embedded values and power dynamics and choice-dependent structures. Public trust and equity are at risk when ethical 

principles remain outside legal frameworks and lack regulatory enforcement which protects AI's potential for justice 

enhancement. 

 

VI. CONCLUSION 

 

Modern justice systems experience their most substantial transformation through the integration of artificial intelligence 

into legal decision systems. The study demonstrates that legal AI implementations produce serious ethical problems 

which primarily focus on bias, transparency and the need for greater accountability. 

 

Artificial intelligence systems that create biases tend to increase existing social inequalities to dangerous levels in areas 

including criminal justice and sentencing and bail decisions. When these systems rely on training data from past times 

they might inherit hidden biases that lead to decisions which statistically match legal principles yet yield uncertain 

ethical and legal consequences. The solution to tackle these biases needs comprehensive technical solutions together 

with profound social justice initiatives for data inclusivity. 

 

Transparency is another pressing issue. Legally trained professionals alongside defendants together with members of 

the public encounter difficulties understanding the basis behind algorithmic decision-making because these systems 

function through opaque proprietary programs. When transparency lacks meaning the vital concepts behind legal 

process reasoning together with fairness-built rules of due process become vulnerable. Making AI systems both 

explainable and interpretable stands as a priority requirement for implementing responsible AI integration within legal 

workflows. 

 

A system dependent on multiple actors managing and creating technology fails to provide clear accountability options. 

When responsibility disperses through multiple actors legal boundaries become unclear which hinders responsibility 

assignment during harm incidents. To preserve public trust and protect justice system integrity it must establish precise 

lines of accountability. 

 

The examination demonstrates the requirement for implementing multidimensional governance systems that link 

enforceable legal standards to ethical principles in AI-driven legal processes. Future advancements in legal AI require 

technological innovation to operate alongside strict commitments to uphold fairness together with human rights 

protection and strict adherence to the rule of law. The tool of AI benefits justice efforts only when it operates to 

improve judicial practices instead of creating obstacles. 
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